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Abstract

Object

To explore the use of automated planning in robotic radiosurgery of benign vestibular
schwannoma (VS) tumors for dose reduction outside the planning target volume (PTV) to
potentially reduce risk of secondary tumor induction.

Methods

A system for automated planning (AUTOplans) for VS patients was set up. The goal of
AUTO- planning was to reduce the dose bath, including the occurrence of high dose spikes
leaking from the PTV into normal tissues, without worsening PTV coverage, OAR doses, or
treatment time. For 20 VS patients treated with 1x12 Gy, the AUTOplan was compared with
the plan generated with conventional, manual trial-and-error planning (MANplan).

Results

With equal PTV coverage, AUTOplans showed clinically negligible differences with MAN-
plans in OAR sparing (largest mean difference for all OARs: AD2% = 0.2 Gy). AUTOplan
dose distributions were more compact: mean/maximum reductions of 23.6/53.8% and 9.6/
28.5% in patient volumes receiving more than 1 or 6 Gy, respectively (p<0.001). AUTOplans
also showed smaller dose spikes with mean/maximum reductions of 22.8/37.2% and 14.2/
40.4% in D2% for shells at 1 and 7 cm distance from the PTV, respectively (p<0.001).

Conclusion

Automated planning for benign VS tumors highly outperformed manual planning with
respect to the dose bath outside the PTV, without deteriorating PTV coverage or OAR spar-
ing, or significantly increasing treatment time.
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Introduction

Stereotactic radiosurgery is an increasingly used option for management of patients with
benign vestibular schwannoma (VS) tumors [1-5]. However, an increased risk of secondary
tumor formation associated with radiation exposure is well established [6-10]. Therefore, in
radiotherapy, dose outside the planning target volume (PTV) should be avoided as much as
possible, especially for patients with a long life expectancy.

High delivery accuracy can be obtained with the robotic system due to real-time image-
guided tracking, allowing small PTV margins [11, 12], and non-coplanar treatment [13].

Currently, treatment plans in radiotherapy are generally generated in an interactive trial-
and-error process in which the planner tries to steer the treatment planning system (TPS)
towards generation of an acceptable solution (“manual planning”). This may be a time con-
suming process and the resulting plan quality may heavily depend on the skills and experience
of the planner and on the available planning time and software. The potential of automated
treatment planning for both enhancement of plan quality and drastic reduction in planning
time, as alternative to manual planning, has been shown in many studies [14-23].

However, the existing literature on automated planning is focused on reduction of high
doses in OARs or enhancement of PTV dose. To the best of our knowledge, this is the first
study focusing on the use of automated planning for overall reduction of dose bath. The study
was inspired by observing the inability, in manual planning, to optimally reduce the dose bath,
and the planning time investment in getting a possible improvement, as systematically tried.

In our institution, a system for fully automated, multi-criterial treatment plan generation
has been developed, including optimization of beam directions. For this study, this system was
used as a pre-optimizer for the clinical TPS, that comes with the robotic treatment unit to
automatically generate deliverable plans for VS patients (AUTOplan). We investigated
whether automated planning could reduce the dose bath compared to manually generated
plans (MANplan), while not deteriorating dose delivery to the PTV or OARs, and keeping
treatment times comparable.

Materials and methods
Patients and manual planning (MANplan)

Contoured CT scans of 20 vestibular schwannoma patients, previously treated at our depart-
ment with the CyberKnife (CK) robotic treatment unit (Accuray Inc, Sunnyvale, USA), were
included in the study. All patient-related information was fully anonymized prior conducting
the research. According to the regulations of the Ethics Committee of Erasmus MC no ethical
approval for this retrospective study was needed as there was no impact on treatment and the
applied patient data.

The gross tumor volume (GTV) was defined as the volume of contrast enhancement on the
T1-weighted MRI, after CT/MRI fusion. No margins were applied for planning (GTV = PTV).
The average tumor size was 2.9 cc (1.0-7.3 cc). Delineated OARs were brainstem, trigeminal
nerves, area of virtual facial nerve, optic nerves, chiasm, cochlea (when clinically relevant),
pituitary gland, and eyes.

For planning, tumor coverage (>98% of the volume receiving 100% of the prescribed dose)
had highest priority, while strictly fulfilling OAR Dmax constraints and high dose conformal-
ity around the target. Furthermore, the goal was to maximally reduce the dose bath, including
minimizing dose spikes. Various planning strategies were clinically used to control this dose
spillage, based on planners’ preferences and experience. All MANplans were generated in Mul-
tiplan [24] clinical TPS (Accuray Inc, Sunnyvale, USA) that comes with the CK, with the Iris
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variable aperture collimator [25], avoiding diameters smaller than 10 mm and larger than 40
mm. CK full head node path was used for a total 179 non-coplanar available beam directions.
Patients were treated with a single fraction of 12 Gy, prescribed at the 80% isodose.

Automated planning (AUTOplan)

Clinically deliverable CK plans for VS patients were generated in a two-step process:

1. For each patient, a pre-plan was automatically generated with the in-house developed Eras-
mus-iCycle TPS [20, 21, 23, 26]. Plan generation with Erasmus-iCycle is driven by a so-
called wish-list, describing all planning constraints and objectives. The latter have ascribed
priorities for steering the multi-criterial plan generation, resulting in clinically favorable
trade-offs between all treatment objectives. Generated plans are Pareto-optimal. For this
study, a wish-list was made for VS plan generation, minimizing dose spillage from the PTV
while not deteriorating PTV and OAR dose, or substantially increasing the treatment time.
Erasmus-iCycle and wish-list building have been extensively described in the literature
[13,20].

2. The Erasmus-iCycle plan generated in step i was used to automatically create a patient-spe-
cific planning template for subsequent automatic plan generation by the clinical TPS Multi-
plan. The planning template contained the planning constraints to ensure generation in
Multiplan of a clinically deliverable plan that mimicked the original Erasmus-iCycle plan.

This two-step approach was developed as for practical and regulatory reasons Erasmus-
iCycle cannot be used directly for clinical plan delivery.

A similar two-step approach is currently clinically used at Erasmus MC for automated
VMAT planning for prostate cancer, head and neck cancer, cervical cancer, and advanced
lung cancer, using the Monaco clinical TPS (Elekta AB, Stockholm, Sweden) in the second
step [21]. A distinct difference between VS autoplanning for robotic treatment and automated
VMAT planning is the inclusion of non-coplanar beam-angle selection for VS.

All generated AUTOplans were based on the same planning protocol, the same choice from
Iris collimators, node set, and the same dose prescription as used for clinical MANplan genera-
tion (above).

To minimize dose spillage in AUTOplans, the template for automated planning with Multi-
plan (step ii above) contained individualized Dmax constraints for shells at distances of 1, 3,
and 5 cm from the PTV. For each patient, these shell constraints were obtained from the Eras-
mus-iCycle plan, generated in step i. In Erasmus-iCycle, the maximum doses at these shells
were minimized, while respecting all hard planning constraints and the (higher) priorities for
adequate PTV coverage and OAR sparing. AUTOplan generation in Multiplan in step ii was
performed in high resolution with intensive treatment time reduction.

Automated planning with fixed shell constraints

As described above, individually optimized shell constraints, derived from the Erasmus-iCycle
plan, were used in the second step of AUTOplan generation with the Multiplan TPS. In an
additional analysis, we investigated whether it was possible to use for all patients the same
Dmax constraints instead of patient-specific values. This study was performed to understand
how patient-specific constraints impact plan quality, keeping all other parameters the same,
or, opposite, to see if it was possible to use equal values for all patients without losing in plan
quality.

For each shell, the population-fixed constraint was calculated as the average of the patient-
specific Dmax values found in the Erasmus-iCycle plans of the 20 study patients. Then, for
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each of the patients, a second AUTOplan was generated, using the fixed constraints. In the
remainder of the paper, the second AUTOplans with fixed constraints are referred to as
fAUTOplans.

Plan comparisons

Prior to comparisons of AUTOplans with MANplans and fAUTOplans with AUTOplans all
plans were rescaled to a tumor V12Gy of 98%, when achieved (in line with the clinical plan-
ning protocol). Plans were compared using OAR near-maximum doses, D2%, conformity
index (CI), and treatment time. To evaluate dose bath and spikes, patient volumes Vp, with D
up to 10 Gy were assessed, as well as D2%, of shells from 1 to 7 cm away from the tumor, for
spillage. Two-sided Wilcoxon signed-rank tests were used to analyze plan differences, using
p<0.05 for statistical significance.

Results
AUTOplan vs. MANplan

All MAN- and AUTOplans were clinically acceptable with tumor coverage >98% (98.3+0.1%)
while fulfilling all OAR constraints (Table 1). Treatment times were comparable; 36.1+5.0 min
and 38.2+4.1 (p = 0.008) for MAN- and AUTOplans, respectively, allowing plan comparison
without unacceptable treatment time difference bias.

CIs for AUTOplans (1.16+0.06) were slightly better than for MANplans (1.18+0.09), but
the difference was not significant (p = 0.4).

As for PTV coverage, MAN- and AUTOplans were comparable in terms of OARs sparing.
For all OARs, the mean difference in near-maximum dose was below 0.2 Gy and statistically
not significant. Only the brainstem Dmean was on average slightly lower for the AUTOplans,
which was statistically significant, 2.24+0.7 Gy vs. 2.4+0.8 Gy, p = 0.02.

Dose bath was substantially reduced in the AUTOplans (see Fig 1 for example). Both
patient volumes receiving dose and dose spikes were reduced with autoplanning compared to
manual planning. For most patients, volumes Vp, receiving more than D Gy were smaller in
the AUTOplans, as visible in the upper panel of Fig 2 and Table 1. Population-average percent-
age Vp reductions for D = 1, 2, 3, 6, 8, and 10 Gy were 23.6%, 17.5%, 15.3%, 13.5%, 9.6%, 6.1%
and 2.9%, respectively (all p<0.005, apart from V10Gy with p = 0.06). AUTOplans also had
reduced near-maximum doses in the shells at 1, 2, 3, 5 and 7 cm from the PTV, mostly reflect-
ing smaller spikes and closer to the tumor. Average reductions of shell D2% with AUTOplans
were 22.8%, 20.5%, 16.8%, 16.7% and 14.2%, respectively (all p<0.001), as visible in the lower
panel of Fig 2 and Table 1.

AUTOplans used less MU (4899 vs. 5716) and nodes (56.1 vs. 66.6), but more beams (161.7
vs. 121.8), all p<0.004.

fAUTOplan vs. AUTOplan

Table 2 shows for each patient the Dmax for the shells at 1, 3, and 5 cm from the PTVs, as
obtained from plan optimization with Erasmus-iCycle, and used as individualized shell con-
straints in Multiplan optimization in the second phase of the AUTOplan generation. The pre-
sented population mean values were used for all the patients to generate the fAUTOplans.
Using population average shell constraints instead of the individualized constraints
(Table 2) for plan generation in Multiplan (fAUTOplan) resulted in an unacceptable PTV cov-
erage for 5 out of 20 patients (Table 2, patients 14, 16, 18, 19 and 20), with a minimum of
92.3% instead of 98%, due to too tight shell constraints.
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Table 1. For all 20 patients, mean values for automatically generated plans (AUTOplans) and manually generated (MANplans). Bold values represent the statistically
significant differences as p<0.05 with the Wilcoxon’s signed-rank test.CI = Conformity Index.

AUTOplans MANplans
Mean + SD Mean + SD
PTV V12Gy 98.3+0.1 98.3+0.1 %
Cr 1.2+0.1 1.2+0.1
Brainstem D2% 9.7+1.5 9.8+ 1.4 Gy
Dmean 2.2+0.6 24+038 Gy
Trigeminal Nerve D2% 11.7 £ 1.0 11.8 £0.8 Gy
Facial Nerve D2% 14.0+0.2 14.0+0.3 Gy
L Optic Nerve D2% 0.1+0.0 0.2+0.1 Gy
R Optic Nerve D2% 0.1+0.0 0.2+0.1 Gy
Chiasm D2% 0.3+0.1 0.3+0.1 Gy
Cochlea D2% 11.6+1.2 11.8+1.1 Gy
Pituitary D2% 0.3+0.1 04+0.1 Gy
L Eye D2% 0.1+0.0 0.1+0.0 Gy
R Eye D2% 0.1+0.0 0.1+0.0 Gy
Patient V1Gy 271.2 £ 142.9 347.6 £ 162.5 cc
V2Gy 68.0 +32.2 84.7 +44.8 cc
V3Gy 36.2 + 16.6 44.0 £22.9 cc
V4Gy 24.1 +10.9 28.8 +£14.9 cc
V6Gy 14.3 £ 6.5 16.2 £ 8.3 cc
V8Gy 9.6 +4.6 10.3+5.3 cc
V10Gy 6.2+33 6.4+34 cc
PTV Shell 1cm D2% 3.7+05 49+0.8 Gy
PTV Shell 2cm D2% 2.0+0.4 2.6 0.5 Gy
PTV Shell 3cm D2% 1.4+0.3 1.7+0.3 Gy
PTV Shell 5cm D2% 1.0+0.2 1.2+0.2 Gy
PTV Shell 7cm D2% 0.8+0.2 1.0+0.2 Gy
Treatment Time 38.2+4.0 36.1 +4.8 min
MU 4899 + 704 5716 + 996
Nodes 56.1 + 10.8 66.6 + 21.1
Beams 161.8 + 24.2 121.8 + 29.6

https://doi.org/10.1371/journal.pone.0210279.t001

For the remainder of the patients, with equal PTV coverage, there were no statistically sig-
nificant differences between fAUTOplans and AUTOplans in CI, mean and near-maximum
OAR doses, patient volumes V, receiving more than D Gy (D<10 Gy), and D2% at shells
from 1-7 cm from the PTV.

Discussion

Several studies have observed superiority of automated plan generation compared to conven-
tional, interactive trial-and-error planning regarding enhancement of PTV dose, or reduction
of OAR doses [14, 16, 21, 26, 27]. Apart from plan quality advantages, automated planning did
always result in drastic reductions in planning workload.

Especially for patients with a long life expectancy, such as VS patients, dose outside the
PTV should be maximally avoided to reduce the risk for secondary tumor induction. To the
best of our knowledge, this is the first paper on automated planning that primarily aims at the
overall reduction of low and high doses outside the PTV of a benign tumor. To this purpose, a
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Fig 1. Axial dose distributions for an example patient. The AUTOplan (right) shows a reduced dose bath, with also smaller dose spikes, than
the MANplan (left). Reduction in brainstem dose is also visible. (Red contour = PTV, pink contour = Brainstem).
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Table 2. For each patient, Dmax values for shells at 1, 3 and 5 cm from the PTV as derived from the Erasmus-
iCycle plan, and population mean values with standard deviations. Patient-specific Dmax values were used as con-
straints in AUTOplan generations, while the mean values were used for fAUTOplan generation.

Patient-specific Shell 1 cm Shell 3 cm Shell 5 cm
constraints Dmax [cGy] Dmax [cGy] Dmax [cGy]
Pt1 427 156 112
Pt2 374 140 106
Pt3 430 157 117
Pt4 423 173 138
Pt5 458 171 133
Pt6 426 155 120
Pt7 428 168 129
Pt8 370 146 98
Pto 390 123 88
Pt 10 344 108 74
Pt11 423 170 105
Pt12 417 174 137
Pt13 368 135 107
Pt 14 475 181 124
Pt 15 357 119 84
Pt 16 536 210 162
Pt 17 396 165 123
Pt 18 471 198 167
Pt 19 522 181 134
Pt 20 486 200 149
Mean+SD 426153 162+27 120+25

https://doi.org/10.1371/journal.pone.0210279.t002

system was set up and configured for fully automated non-coplanar plan generation for
robotic stereotactic treatment of VS patients.

The project was started after observing frequent problems with controlling or improving
dose bath and spikes from the PTV in manual planning (see Fig 1a). In this study we have
demonstrated that automated planning could reduce the dose bath, without worsening PTV
coverage or OAR sparing, or substantially increasing treatment time. Moreover, due to the
automation, there was no workload in the plan generation.

As explained in the M&M section, final AUTOplans were generated with the commercial
TPS that comes with the robotic treatment unit. Therefore, this TPS is indeed able to generate
highly compact plans, with minimal dose delivery outside the PTV and avoiding dose spikes.
In the autoplanning procedure, the individualized shell constraints, used in the commercial
TPS to maximally avoid dose spillage, were automatically generated using a pre-optimization
with our in-house developed multi-criteria optimizer (step i, M&M section). In conventional
manual planning, shell constraints are defined for each patient in a trial-and-error procedure.
Then, finding the optimal constraint values for individual patients is often impractical, because
it is too time consuming to be feasible in clinical routine.

The presented workflow for AUTOplan generation of highly compact dose distributions is
likely to be applicable also for other benign tumors, which will be a topic for further research.

To the best of our knowledge, this is the first study to systematically investigate a possible
reduction in dose bath while mantaining treatment technique. Integral dose reduction is a
reported outcome from many plan comparison studies [28-31], beside the OARs evaluation,
as well as different metrics have been proposed [32, 33], reflecting the clinical relevance.
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However a systematic dose bath reduction can not be easily investigated without a consistent
planning work flow such as the one used in this study, including the dose bath improvement
without loosing quality in the PTV and OAR dose distributions.

For 5/20 patients, the applied population-based, fixed shell constraints used for generating
the fAUTOplan were too tight, resulting in an unacceptably low PTV coverage. No correlation
with PTV size or other features was found. For the other 15 patients, the fAUTOplan was simi-
lar in quality as the AUTOplan. This does however not necessarily imply that in clinical rou-
tine, acceptable high quality plans would have been generated for the latter patients, using the
fixed constraints. fAUTOplans were generated with an automated planning workflow and it is
uncertain whether using the population-based constraints with manual planning would have
resulted in high quality plans for these 15 patients. This could have been dependent on the
complexity of the individual cases and on the skills of the involved planners. Anyway, com-
pared with automated planning, the workload would have increased.

On the longer term and to serve the radiotherapy community, there is a clear need for more
advanced commercial treatment planning systems that are faster and/or facilitate automated
plan generation.

Conclusion

Compared to conventional planning, automated plan generation for robotic treatment of
patients with a benign vestibular schwannoma tumor could to a large extent reduce low to
high dose outside the PTV while maintaining acceptable tumor coverage and similar OAR
dose, and keeping delivery time comparable.
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(XLS)

Author Contributions

Conceptualization: Linda Rossi, Alejandra Méndez Romero, Ben Heijmen.

Data curation: Linda Rossi, Alejandra Méndez Romero, Erik de Klerck.

Formal analysis: Linda Rossi, Ben Heijmen.

Funding acquisition: Ben Heijmen.

Investigation: Linda Rossi, Alejandra Méndez Romero, Maaike Milder, Ben Heijmen.
Methodology: Linda Rossi, Alejandra Méndez Romero, Ben Heijmen.

Project administration: Linda Rossi, Ben Heijmen.

Resources: Maaike Milder, Erik de Klerck, Sebastiaan Breedveld.

Software: Maaike Milder, Sebastiaan Breedveld.

Supervision: Alejandra Méndez Romero, Maaike Milder, Sebastiaan Breedveld, Ben Heijmen.
Validation: Linda Rossi, Alejandra Méndez Romero, Erik de Klerck, Ben Heijmen.
Visualization: Linda Rossi, Erik de Klerck, Ben Heijmen.

Writing - original draft: Linda Rossi, Ben Heijmen.

PLOS ONE | https://doi.org/10.1371/journal.pone.0210279  February 6, 2019 8/10


http://www.plosone.org/article/fetchSingleRepresentation.action?uri=info:doi/10.1371/journal.pone.0210279.s001
https://doi.org/10.1371/journal.pone.0210279

®PLOS | one

Dose bath reduction for benign tumor through robotic autoplanning

Writing - review & editing: Linda Rossi, Alejandra Méndez Romero, Maaike Milder, Erik de

Klerck, Sebastiaan Breedveld, Ben Heijmen.

References

1.

10.

11.

12

13.

14.

15.

16.

17.

18.

Samii M, Matthies C. Management of 1000 vestibular schwannomas (acoustic neuromas): hearing
function in 1000 tumor resections. Neurosurgery. 1997; 40(2):248—-260 PMID: 9007856

Arthurs BJ, Fairbanks RK, Demakas JJ, Lamoreaux WT, Giddings NA, Mackay AR, et al. A review of
treatment modalities for vestibular schwannoma. Neurosurg Rev. 2011; 34(3):265-277. https://doi.org/
10.1007/s10143-011-0307-8 PMID: 21305333

Murphy ES, Suh JH. Radiotherapy for vestibular schwannomas: a critical review. Int J Radiat Oncol Biol
Phys. 2011; 79(4):985-997. https://doi.org/10.1016/}.ijrobp.2010.10.010 PMID: 21353158

Watanabe S, Yamamoto M, Kawabe T, Koiso T, Yamamoto T, Matsumura A, et al. Stereotactic radio-
surgery for vestibular schwannomas: average 10-year follow-up results focusing on long-term hearing
preservation. J Neurosurg. 2016; 125(Suppl 1):64—72 PMID: 27903183

Braunstein S, Ma L. Stereotactic radiosurgery for vestibular schwannomas. Cancer Manag Res. 2018;
10:3733-3740. https://doi.org/10.2147/CMAR.S140764 PMID: 30288104

Armstrong GT, Liu Q, Yasui Y, Huang S, Ness KK, Leisenring W, et al. Long-term outcomes among
adult survivors of childhood central nervous system malignancies in the Childhood Cancer Survivor
Study. J Natl Cancer Inst. 2009; 101(13):946-958. https://doi.org/10.1093/jnci/djp148 PMID:
19535780

Minniti G, Traish D, Ashley S, Gonsalves A, Brada M. Risk of second brain tumor after conservative sur-
gery and radiotherapy for pituitary adenoma: update after an additional 10 years. J Clin Endocrinol
Metab. 2005; 90(2):800—-804. https://doi.org/10.1210/jc.2004-1152 PMID: 15562021

Nishio S, Morioka T, Inamura T, Takeshita |, Fukui M, Sasaki M, et al. Radiation-induced brain tumours:
potential late complications of radiation therapy for brain tumours. Acta Neurochir (Wien). 1998;
140(8):763-770. https://doi.org/10.1007/s007010050177

Ron E, Modan B, Boice JD, Alfandary E, Stovall M, Chetrit A, et al. Tumors of the brain and nervous sys-
tem after radiotherapy in childhood. N Engl J Med. 1988; 319(16):1033—1039. https://doi.org/10.1056/
NEJM198810203191601 PMID: 3173432

Shapiro S, Mealey J. Late anaplastic gliomas in children previously treated for acute lymphoblastic leu-
kemia. Pediatr Neurosci. 1989; 15(4):176—180. https://doi.org/10.1159/000120465 PMID: 2485912

Dutta D, Balaji Subramanian S, Murli V, Sudahar H, Gopalakrishna Kurup PG, Potharaju M. Dosimetric
comparison of Linac-based (BrainLAB) and robotic radiosurgery (CyberKnife) stereotactic system plans
for acoustic schwannoma. J Neurooncol. 2012; 106(3):637—-642. https://doi.org/10.1007/s11060-011-
0703-5 PMID: 21892741

Gevaert T, Levivier M, Lacornerie T, Verellen D, Engels B, Reynaert N, et al. Dosimetric comparison of
different treatment modalities for stereotactic radiosurgery of arteriovenous malformations and acoustic
neuromas. Radiother Oncol. 2013; 106(2):192—197. https://doi.org/10.1016/j.radonc.2012.07.002
PMID: 22884842

Rossi L, Breedveld S, Heijmen BJM, Voet PWJ, Lanconelli N, Aluwini S. On the beam direction search
space in computerized non-coplanar beam angle optimization for IMRT—prostate SBRT. Phys Med
Biol. 2012; 57:5441-5458. https://doi.org/10.1088/0031-9155/57/17/5441 PMID: 22864234

Zarepisheh M, Long T, Li N, Tian Z, Romeijn H, Jia X, et al. A DVH-guided IMRT optimization algorithm
for automatic treatment planning and adaptive radiotherapy replanning. Med Phys. 2014; 41:061711.
https://doi.org/10.1118/1.4875700 PMID: 24877806

Boylan C, Rowbottom C. A bias-free, automated planning tool for technique comparison in radiotherapy
—application to nasopharyngeal carcinoma treatments. J Appl Clin Med Phys. 2014; 15(1):4530.
https://doi.org/10.1120/jacmp.v15i1.4530 PMID: 24423853

Krayenbuehl J, Di Martino M, Guckenberger M, Andratschke N. Improved plan quality with automated
radiotherapy planning for whole brain with hippocampus sparing: a comparison to the RTOG 0933 trial.
Radiat Oncol. 2017; 12(1):161. https://doi.org/10.1186/s13014-017-0896-7 PMID: 28969706

Mclntosh C, Welch M, McNiven A, Jaffray DA, Purdie TG. Fully automated treatment planning for head
and neck radiotherapy using a voxel-based dose prediction and dose mimicking method. Phys Med
Biol. 2017; 62(15):5926—-5944. https://doi.org/10.1088/1361-6560/aa71f8 PMID: 28486217

Tol J, Dahele M, Peltola J, Nord J, Slotman B, Verbakel W. Automatic interactive optimization for volu-
metric modulated arc therapy planning. Radiother Oncol. 2015; 10:75. https://doi.org/10.1186/s13014-
015-0388-6

PLOS ONE | https://doi.org/10.1371/journal.pone.0210279  February 6, 2019 9/10


http://www.ncbi.nlm.nih.gov/pubmed/9007856
https://doi.org/10.1007/s10143-011-0307-8
https://doi.org/10.1007/s10143-011-0307-8
http://www.ncbi.nlm.nih.gov/pubmed/21305333
https://doi.org/10.1016/j.ijrobp.2010.10.010
http://www.ncbi.nlm.nih.gov/pubmed/21353158
http://www.ncbi.nlm.nih.gov/pubmed/27903183
https://doi.org/10.2147/CMAR.S140764
http://www.ncbi.nlm.nih.gov/pubmed/30288104
https://doi.org/10.1093/jnci/djp148
http://www.ncbi.nlm.nih.gov/pubmed/19535780
https://doi.org/10.1210/jc.2004-1152
http://www.ncbi.nlm.nih.gov/pubmed/15562021
https://doi.org/10.1007/s007010050177
https://doi.org/10.1056/NEJM198810203191601
https://doi.org/10.1056/NEJM198810203191601
http://www.ncbi.nlm.nih.gov/pubmed/3173432
https://doi.org/10.1159/000120465
http://www.ncbi.nlm.nih.gov/pubmed/2485912
https://doi.org/10.1007/s11060-011-0703-5
https://doi.org/10.1007/s11060-011-0703-5
http://www.ncbi.nlm.nih.gov/pubmed/21892741
https://doi.org/10.1016/j.radonc.2012.07.002
http://www.ncbi.nlm.nih.gov/pubmed/22884842
https://doi.org/10.1088/0031-9155/57/17/5441
http://www.ncbi.nlm.nih.gov/pubmed/22864234
https://doi.org/10.1118/1.4875700
http://www.ncbi.nlm.nih.gov/pubmed/24877806
https://doi.org/10.1120/jacmp.v15i1.4530
http://www.ncbi.nlm.nih.gov/pubmed/24423853
https://doi.org/10.1186/s13014-017-0896-7
http://www.ncbi.nlm.nih.gov/pubmed/28969706
https://doi.org/10.1088/1361-6560/aa71f8
http://www.ncbi.nlm.nih.gov/pubmed/28486217
https://doi.org/10.1186/s13014-015-0388-6
https://doi.org/10.1186/s13014-015-0388-6
https://doi.org/10.1371/journal.pone.0210279

®PLOS | one

Dose bath reduction for benign tumor through robotic autoplanning

19.

20.

21.

22,

23.

24,

25.

26.

27.

28.

29.

30.

31.

32.

33.

Tol J, Dahele M, Delaney A, Doornaert P, Slotman B, Verbakel W. Detailed evaluation of an automated
approach to interactive optimization for volumetric modulated arc therapy plans. Med Phys. 2015;
43:1818. https://doi.org/10.1118/1.4944063

Breedveld S, Storchi P, Voet P, Heijmen B. iCycle: Integrated, multicriterial beam angle, and profile opti-
mization for generation of coplanar and noncoplanar IMRT plans. Med Phys. 2012; 39:951-963. https:/
doi.org/10.1118/1.3676689 PMID: 22320804

Voet P, Dirkx M, Breedveld S, Al-Mamgani A, Incrocci L, Heijmen B. Fully automated VMAT plan gener-
ation for prostate cancer patients. Int J Radiat Oncol Biol Phys. 2014; 88:1175-1179. https://doi.org/10.
1016/j.ijrobp.2013.12.046 PMID: 24529714

Vanderstraeten B, Goddeeris B, Vandecasteele K, van Eijkeren M, De Wagter C, Lievens Y. Automated
Instead of Manual Treatment Planning? A Plan Comparison Based on Dose-Volume Statistics and Clin-
ical Preference. Int J Radiat Oncol Biol Phys. 2018; 102(2):443-450. https://doi.org/10.1016/j.ijrobp.
2018.05.063 PMID: 30191874

Rossi L, Sharfo AW, Aluwini S, Dirkx M, Breedveld S, Heijmen B. First fully automated planning solution
for robotic radiosurgery—comparison with automatically planned volumetric arc therapy for prostate
cancer. Acta Oncol. 2018; p. 1-9.

Schlaefer A, Schweikard A. Stepwise multi-criteria optimization for robotic radiosurgery. Med Phys.
2008; 35(5):2094—21083. https://doi.org/10.1118/1.2900716 PMID: 18561685

Echner GG, Kilby W, Lee M, Earnst E, Sayeh S, Schlaefer A, et al. The design, physical properties and
clinical utility of an iris collimator for robotic radiosurgery. Phys Med Biol. 2009; 54(18):5359-5380.
https://doi.org/10.1088/0031-9155/54/18/001 PMID: 19687567

Sharfo A, Voet P, Breedveld S, Mens J, Hoogeman M, Heijmen B. Comparison of VMAT and IMRT
strategies for cervical cancer patients using automated planning. Radiother Oncol. 2015; 114:395-401.
https://doi.org/10.1016/j.radonc.2015.02.006 PMID: 25725503

Hansen CR, Nielsen M, Bertelsen AS, Hazell |, Holtved E, Zukauskaite R, et al. Automatic treatment
planning facilitates fast generation of high-quality treatment plans for esophageal cancer. Acta Oncol.
2017; p. 1-6.

Cozzi L, Dinshaw KA, Shrivastava SK, Mahantshetty U, Engineer R, Deshpande DD, et al. A treatment
planning study comparing volumetric arc modulation with RapidArc and fixed field IMRT for cervix uteri
radiotherapy. Radiother Oncol. 2008; 89(2):180-191. https://doi.org/10.1016/j.radonc.2008.06.013
PMID: 18692929

Huss M, Barsoum P, Dodoo E, Sinclair G, Toma-Dasu |. Fractionated SRT using VMAT and Gamma
Knife for brain metastases and gliomas—a planning study. J Appl Clin Med Phys. 2015; 16(6):3—16.
https://doi.org/10.1120/jacmp.v16i6.5255 PMID: 26699547

Edvardsson A, Kugele M, Alkner S, Enmark M, Nilsson J, Kristensen |, et al. Comparative treatment
planning study for mediastinal Hodgkin’s lymphoma: impact on normal tissue dose using deep inspira-
tion breath hold proton and photon therapy. Acta Oncol. 2018; p. 1-10. https://doi.org/10.1080/
0284186X.2018.1512153 PMID: 30280626

Park JM, Park SY, Wu HG, Kim JI. Improvement of VMAT plan quality for head and neck cancer with
high resolution fluences generated by couch shift between arcs. Phys Med. 2018; 46:1-6. https://doi.
org/10.1016/j.ejmp.2018.01.004 PMID: 29519394

Zhang Q, Zheng D, Lei Y, Morgan B, Driewer J, Zhang M, et al. A new variable for SRS plan quality eval-
uation based on normal tissue sparing: the effect of prescription isodose levels. Br J Radiol. 2014; 87
(1043):20140362. https://doi.org/10.1259/bjr.20140362 PMID: 25226047

Sung K, Choi YE. Dose gradient curve: A new tool for evaluating dose gradient. PLoS ONE. 2018;
13(4):e0196664. https://doi.org/10.1371/journal.pone.0196664 PMID: 29698471

PLOS ONE | https://doi.org/10.1371/journal.pone.0210279  February 6, 2019 10/10


https://doi.org/10.1118/1.4944063
https://doi.org/10.1118/1.3676689
https://doi.org/10.1118/1.3676689
http://www.ncbi.nlm.nih.gov/pubmed/22320804
https://doi.org/10.1016/j.ijrobp.2013.12.046
https://doi.org/10.1016/j.ijrobp.2013.12.046
http://www.ncbi.nlm.nih.gov/pubmed/24529714
https://doi.org/10.1016/j.ijrobp.2018.05.063
https://doi.org/10.1016/j.ijrobp.2018.05.063
http://www.ncbi.nlm.nih.gov/pubmed/30191874
https://doi.org/10.1118/1.2900716
http://www.ncbi.nlm.nih.gov/pubmed/18561685
https://doi.org/10.1088/0031-9155/54/18/001
http://www.ncbi.nlm.nih.gov/pubmed/19687567
https://doi.org/10.1016/j.radonc.2015.02.006
http://www.ncbi.nlm.nih.gov/pubmed/25725503
https://doi.org/10.1016/j.radonc.2008.06.013
http://www.ncbi.nlm.nih.gov/pubmed/18692929
https://doi.org/10.1120/jacmp.v16i6.5255
http://www.ncbi.nlm.nih.gov/pubmed/26699547
https://doi.org/10.1080/0284186X.2018.1512153
https://doi.org/10.1080/0284186X.2018.1512153
http://www.ncbi.nlm.nih.gov/pubmed/30280626
https://doi.org/10.1016/j.ejmp.2018.01.004
https://doi.org/10.1016/j.ejmp.2018.01.004
http://www.ncbi.nlm.nih.gov/pubmed/29519394
https://doi.org/10.1259/bjr.20140362
http://www.ncbi.nlm.nih.gov/pubmed/25226047
https://doi.org/10.1371/journal.pone.0196664
http://www.ncbi.nlm.nih.gov/pubmed/29698471
https://doi.org/10.1371/journal.pone.0210279

